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ABSTRACT

Enterprises operating Workday Financial Management and Workday Human Capital Management (HCM) in a single
tenant frequently struggle to reconcile financial and workforce data into a unified reporting layer, particularly when
the required analysis spans transactional volumes or external data sources that fall outside the native reporting engine's
practical limits. Workday Prism Analytics, built on a columnar, Apache Spark-based data processing engine layered
on Workday's Object Management System, offers organizations a mechanism to ingest, transform, and blend large
internal and external datasets directly within the Workday tenant boundary, thereby preserving security context while
extending analytical reach. This article examines the architecture, data-modeling practices, and governance
considerations associated with using Prism Analytics as the technical foundation for cross-functional reporting that
spans Financials and HCM. Drawing on documented product capabilities, industry benchmarking studies, and three
illustrative organizational case profiles, the article presents a structured methodology for building blended Prism
datasets, aligning security domains across functional towers, and operationalizing composite key-performance-
indicator (KPI) dashboards such as cost-per-hire normalized to departmental budget variance, workforce cost as a
percentage of revenue, and headcount-to-spend ratios by cost center. The analysis further evaluates performance
benchmarks, common implementation pitfalls, and a set of governance and security recommendations for data
stewardship in a converged Financials-HCM analytics environment. The findings indicate that, when supported by
disciplined dataset design and role-based security alignment, Prism Analytics materially reduces the latency and
manual effort historically required to produce blended finance-and-workforce reporting, while preserving auditability
and compliance posture inherent to the Workday platform.

Keywords:
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1. INTRODUCTION

Organizations that consolidate financial management and human capital management on a single cloud enterprise
resource planning (ERP) platform gain a structural advantage: a shared object model, a common security framework,
and a unified transaction history spanning both the financial ledger and the workforce lifecycle. Workday, Inc. has
positioned its Financial Management and Human Capital Management (HCM) product lines as a single-tenant, unified
system of record designed to eliminate the integration overhead traditionally associated with best-of-breed ERP and
HCM deployments (Workday, Inc., 2020a). Despite this architectural unification, many enterprises continue to report
difficulty producing reporting artifacts that genuinely blend financial and workforce dimensions - for example, fully
loaded labor cost trended against departmental operating budgets, or contingent workforce spend reconciled against
statement-of-work commitments recorded in the financial ledger (Deloitte, 2019; PwC, 2020).

The reporting gap is not primarily a data-availability problem; Workday's Object Management System (OMS) already
stores financial and HCM business objects within the same tenant. Rather, the gap arises from three practical
constraints: (1) native Workday reporting tools - Standard Reports, Custom Reports, and Composite Reports - are
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optimized for transactional and operational reporting rather than for large-scale analytical blending; (2) many cross-
functional analyses require external or historical data that does not reside natively in Workday, such as budget files
maintained in spreadsheets, benchmarking data from compensation surveys, or historical general ledger data retained
from a legacy system; and (3) role-based security groups that appropriately restrict access to sensitive HCM data (e.g.,
compensation, performance ratings) can inadvertently block the very users who need blended visibility for planning
purposes (Workday, Inc., 2020b).
Workday Prism Analytics was introduced as a native augmentation to the Workday platform to address this class of
problem. Prism provides a managed data ingestion and transformation pipeline, backed by a distributed processing
engine, that allows customers to bring external datasets into the Workday tenant, blend them with native Workday
data objects, and expose the resulting blended datasets to the same reporting, dashboard, and discovery-board tools
used for standard Workday reporting (Workday, Inc., 2019). Because Prism operates inside the Workday security
perimeter, blended datasets can inherit - or be explicitly mapped to - existing domain security policies, which in
principle resolves the security fragmentation problem that arises when data is exported to a separate business-
intelligence platform.
This article investigates how organizations have applied, or could apply, Prism Analytics specifically to the problem
of cross-functional reporting between Financials and HCM. The research questions guiding this study are as follows:
e RQI: What data architecture patterns support reliable blending of Workday Financials and HCM data within
Prism Analytics?
e RQ2: How should security and governance be structured so that blended datasets respect the access boundaries
of both functional domains?
e RQ3: What composite key-performance-indicators are most commonly required by finance and HR
stakeholders, and how are they constructed from blended Prism datasets?
e RQ4: What performance, scalability, and adoption patterns characterize successful Prism implementations, and
what pitfalls recur across deployments?
The remainder of this article is organized as follows. Section 2 reviews prior literature and vendor documentation on
cloud ERP analytics and cross-functional reporting. Section 3 describes the relevant structural elements of Workday
Financials and HCM. Section 4 details the Prism Analytics architecture. Sections 5 through 9 present the proposed
framework, methodology, integration model, KPI design, and case-based findings. Sections 10 through 13 address
governance, performance, limitations, and recommendations. Section 14 discusses future research directions, and
Section 15 concludes.
2. Background and Related Work
2.1 Cloud ERP Convergence of Financials and HCM
The convergence of financial management and human capital management within a single cloud ERP suite represents
a departure from the prior decade's best-of-breed architecture, in which organizations typically operated a general
ledger system (e.g., Oracle E-Business Suite or SAP ECC) alongside a separate HCM or payroll system (e.g.,
PeopleSoft HCM or ADP), bridged by custom or middleware integrations (Gartner, 2019). Analysts have argued that
unified-suite vendors - principally Workday, Oracle Cloud HCM/ERP, and SAP SuccessFactors/S4HANA - reduce
integration latency and improve data consistency, but that the reporting layer often lags behind the underlying data
unification, because reporting tools are frequently designed and adopted independently by finance and HR teams
(Gartner, 2020; Bersin, 2018).
2.2 Workforce Analytics and Financial Planning Literature
Workforce analytics research has consistently identified labor cost visibility as one of the most requested, and most
difficult to deliver, categories of enterprise reporting (Bersin, 2018; Boudreau & Cascio, 2017). Because labor cost is
simultaneously an HCM concept (headcount, compensation, job profile) and a financial concept (cost center, ledger
account, budget), producing a single reliable labor-cost report requires reconciling two independently governed data
domains. Cascio and Boudreau (2017) note that many organizations resort to manual spreadsheet reconciliation
between HR systems of record and finance systems of record, introducing latency and error risk into a reporting
category that is often reviewed at the executive level.
2.3 Data Blending and the Rise of Embedded Analytics Engines
Embedded analytics engines - data-processing capabilities delivered as an extension of a transactional system rather
than as a separate business-intelligence platform - have emerged across the ERP vendor landscape as a response to
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the latency and governance overhead of exporting data to standalone BI tools (Forrester, 2019). Prism Analytics,
introduced generally by Workday in 2018 and expanded through the 2019 and 2020 releases, is Workday's
implementation of this pattern, and is architected on a distributed, Spark-based processing engine capable of handling
dataset volumes substantially larger than those practical within Workday's native calculated-field and composite-
reporting engine (Workday, Inc., 2019; Workday, Inc., 2020a). Comparable embedded analytics capabilities exist in
adjacent ERP ecosystems, such as SAP Analytics Cloud embedded scenarios and Oracle Analytics for Fusion
Applications, though these are outside the scope of the present Workday-focused study (Gartner, 2020).

2.4 Positioning of This Study

Prior published material on Prism Analytics has been predominantly vendor-authored documentation (Workday, Inc.,
2019; Workday, Inc., 2020a; Workday, Inc., 2020b) or partner and consulting-firm implementation guidance (Deloitte,
2019; PwC, 2020; Accenture, 2020), with limited independent, structured analysis of how the tool is specifically
applied to the Financials-HCM cross-functional reporting problem. This article contributes a structured framework, a
governance-oriented security model, and a set of comparative case profiles intended to fill that gap.

3. Overview of Workday Financials and HCM Data Architecture

Workday's platform is built on a proprietary Object Management System in which every business concept - a worker,
a position, a cost center, a journal line, a supplier invoice - is represented as a business object with defined attributes
and relationships to other objects. Both Workday Financial Management and Workday HCM are applications layered
on this same object model, which means that, structurally, a financial worktag such as Cost Center can be directly
related to an HCM object such as Supervisory Organization without a data-integration step (Workday, Inc., 2020a).
Table 1 summarizes the principal business object domains relevant to cross-functional reporting.

Table 1. Principal Workday business object domains relevant to Financials-HCM cross-functional reporting.

% Core Business Objects Typical Report

Primary Owning Tower

Consumers

Supervisory Organization,
Organizational Cost Center, Company, Shared Finance, HR, Operations
Location
Workforce Worker, Position, Job HCM HR, People Analytics,
Profile, Employee Type Finance
. Compensation Package, HR, Compensation,
Comgsisiion Merit Plan, Bonus Plan LE1Ch Finance
Financial Accounting Lgdger Account, J_ournal Financials Finance, Accounting
Line, Company Hierarchy
. Budget, Budget Line, . . FP&A, HR Business
ISty Position Budget sl Partners
Procurement Suppher, Supplier Financials Procurement, Finance
Invoice, Purchase Order
. Time Block, Absence .
Time and Absence ik, T OFF RGeS HCM HR, Payroll, Finance
. Job Requisition, Talent Acquisition,
Recruiting Candidate, Offer HCM Finance

The organizational domain - particularly the Supervisory Organization and Cost Center hierarchies - functions as the
natural join key between Financials and HCM data. A worker's position is assigned to a Supervisory Organization,
which in turn maps to one or more Cost Centers, and financial transactions (journal lines, budget lines, supplier
invoices) are tagged against those same Cost Centers using Workday's worktag framework. This shared organizational
backbone is the structural basis for most of the blending patterns described in Section 7.

3.1 Native Reporting Tool Limitations

Table 2 compares the native Workday reporting tools against Prism Analytics along dimensions relevant to cross-
functional reporting: data volume tolerance, ability to incorporate external data, calculation complexity, and typical
latency to insight.
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Table 2. Comparison of native Workday reporting tools versus Prism Analytics on cross-functional reporting

dimensions.

Reporting Tool

External Data

Practical Row-

Calculation

Typical Refresh

Support Volume Ceiling Complexity Latency
Standard Report No Low-Moderate Basic filters/sorts Real-time
Custom Report Calculated fields, .
(Advanced) No Moderate moderate logic Real-time
Composite Report No Moderate Nested sub-reports Real-time
Matrix Report No Moderate A.ggr.egatlon, Real-time

pivoting

Discovery Boards Limited (Prism-fed) | High (via Prism) Visual exploration Near real-time
Prism Analytics Yes Very High Dgta trans forms, . Batch/scheduled
Dataset joins, scripted logic

As Table 2 indicates, the native reporting tools remain well suited to transactional and operational reporting but were
not designed for large-volume, multi-source analytical blending. This gap is the primary justification for introducing
Prism Analytics into the cross-functional reporting architecture.

4. Workday Prism Analytics: Architecture and Processing Model

Workday Prism Analytics is composed of four principal functional layers: data ingestion, data preparation
(transformation), dataset publication, and analytical consumption. Each layer is described below, with reference to the
underlying processing model documented by Workday (Workday, Inc., 2019; Workday, Inc., 2020a).

4.1 Data Ingestion Layer

Prism supports ingestion of data from three principal source types: (1) flat files (CSV, delimited text) uploaded
manually or via Workday Studio/EIB (Enterprise Interface Builder) integrations; (2) native Workday data made
available through Workday-delivered data sources, which expose existing business objects (such as Worker or Journal
Line) as ingestible tables without requiring a report-based extract; and (3) external system extracts landed via
scheduled integration, including data staged from cloud storage or delivered through Workday's integration cloud
connectors.

4.2 Data Preparation Layer

Ingested data is staged into a working area where data preparation transforms - known as "data change" steps in Prism
terminology - can be chained to filter, join, aggregate, pivot, calculate, or otherwise reshape the source tables. Because
the preparation layer runs on a distributed Spark-based engine rather than the primary transactional database,
transformation operations that would be computationally expensive against live transactional objects can be executed
against a processing tier without affecting transactional system performance (Workday, Inc., 2020a).

4.3 Dataset Publication Layer

Once transformation logic is finalized, a dataset is published, which materializes it as a queryable object available to
Workday's reporting framework in the same manner as a native Workday data source. Published datasets can be
scheduled to refresh at defined intervals, and security can be applied at the dataset level, at the domain level, or through
row-level security filters mapped to existing Workday security groups.

4.4 Analytical Consumption Layer

Published Prism datasets are consumed through the same reporting surfaces used for native Workday data: Custom
Reports, Composite Reports, Discovery Boards, and dashboards. This is the architectural feature that most
distinguishes Prism from an external BI platform - end users do not need to learn a new tool to consume blended
analytical output; the output surfaces inside the familiar Workday reporting experience (Workday, Inc., 2020D).
Table 3. Four-layer functional architecture of Workday Prism Analytics.

Governing
Consideration
Data quality at source;
refresh cadence

Primary Function

Key Constructs

Bring external/internal
data into Prism

Data sources, connectors,

Ingestion EIB feeds
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. Transform, cleanse, join, Data change steps, Transform complexity vs.
Preparation L
aggregate calculated columns maintainability
.. Materialize dataset for Published datasets, Dataset security, domain
Publication . )
reporting refresh schedule mapping
Consumption Enable Custom Reports, User access, role-based
P reporting/dashboarding Discovery Boards visibility

4.5 Prism Analytics Editions and Licensing Considerations

As of the 2020 Workday release cycle, Prism Analytics was offered in tiered editions distinguishing basic data-

preparation capability from advanced scripting, larger data-volume allowances, and expanded connector support

(Workday, Inc., 2020b). Organizations planning a cross-functional Financials-HCM reporting program should

evaluate the required edition against anticipated dataset volume and the number of business functions expected to

publish or consume blended datasets, as licensing tier materially affects both technical ceiling and total cost of

ownership.

5. A Framework for Cross-Functional Reporting

This article proposes a four-stage framework - Align, Ingest, Blend, Govern (the "AIBG" framework) - for structuring

a Prism-based cross-functional reporting program spanning Financials and HCM. The framework is intended to be

sequential for an initial implementation and iterative for subsequent reporting expansions.

Table 4. The AIBG (Align, Ingest, Blend, Govern) framework for Prism-enabled cross-functional reporting.

Representative
Deliverable

Objective Primary Stakeholders

Establish shared metric
. definitions and FP&A, HRBP, Data Cross-functional metric

Align S .. .

organizational join keys Governance dictionary

across Finance and HR

Land required internal .
Ingest and external datasets into IT/HRIS, Finance Validated raw datasets

. Systems

Prism

Transform and | om. Prism Data Analysts, Published blended
Blend datasets into analysis- Reporting COE F—

ready composite datasets P &
Govern ggﬁglyuﬁffng;’ dmn(ig:;re Security Administration, Security matrix, audit log,

quatity, & Governance Council refresh SLA
change control

The Align stage is frequently underweighted in practice: organizations proceed directly to technical ingestion without
first reconciling how Finance and HR independently define shared terms such as "headcount" (point-in-time snapshot
versus period-average, active-only versus including on-leave workers) or "full-time equivalent" (contractual FTE
versus standard-hours-based FTE). Absent this alignment, a technically well-built Prism dataset will nonetheless
produce numbers that neither Finance nor HR stakeholders trust, undermining adoption regardless of technical quality
(Bersin, 2018; Deloitte, 2019).

5.1 Metric Definition Reconciliation

Table 5 illustrates common metric definition divergences observed between Finance and HR functions prior to an
Align-stage reconciliation exercise, based on patterns documented in workforce analytics implementation literature
(Bersin, 2018; Boudreau & Cascio, 2017).

Table 5. Common Finance/HR metric definition divergences and recommended blended definitions.

Typical Finance Recommended Blended

Metric Definition Typical HR Definition Definition
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Both published as distinct

Period-end snapshot, Point-in-time active . .
Headcount . measures with explicit
budgeted positions workers
labels
Standard-hours equivalent | Contractual FTE per job Stagdard-hours
FTE equivalent, sourced from
per budget model profile o
position data
Fully loaded, including Base compensation and Fully loaded, itemized by
Labor Cost benefits load and .
. bonus only component in dataset
overhead allocation
Attrition Not typically tracked Volu.ntalty/lnvoluntary HR Qeﬁnltlon retained;
termination rate cost impact appended
Vacancy Cost Unfilled budgeted Qe reqtEition som Budgeted dollars linked to

position dollars requisition aging

6. Research Methodology

This study employs a qualitative, framework-building methodology combined with comparative case-profile analysis.
Three information streams were synthesized: (1) Workday product and administrator documentation describing Prism
Analytics architecture, data-preparation capability, and security model (Workday, Inc., 2019; Workday, Inc., 2020a;
Workday, Inc., 2020b); (2) publicly available consulting-firm implementation guidance and industry benchmarking
research addressing Workday reporting and workforce analytics practice (Deloitte, 2019; PwC, 2020; Accenture,
2020; Bersin, 2018; Gartner, 2019; Gartner, 2020; Forrester, 2019); and (3) three de-identified, composite
organizational case profiles constructed from publicly discussed implementation patterns to illustrate representative
outcomes across organization size bands (small, mid-market, and large enterprise).

The case profiles presented in Section 9 are composite constructions intended to be representative of commonly
reported implementation patterns rather than verbatim single-organization accounts, in keeping with the
confidentiality constraints typical of enterprise software implementation research. Quantitative figures presented in
the case profiles (e.g., reporting cycle-time reduction, dataset volumes) are illustrative estimates derived from ranges
reported in the cited industry literature and are presented to demonstrate the analytical framework rather than as
audited, organization-specific measurements.

Table 6. Summary of research methodology components.

Research Component

Establish authoritative technical
baseline for Prism capability
Conceptual synthesis of governance | Produce the AIBG framework and

Architecture Review Vendor documentation synthesis

Framework Development

and implementation literature blending model
Case Profile Construction Cpmpos1te pattern synthesis across | Illustrate framework application
size bands and comparative outcomes
Benchmark Compilation Secondary review Qf published Conte.xtuahze processing and
performance/adoption figures adoption expectations

7. Data Integration Model: Blending Financials and HCM Datasets

The core technical contribution of a Prism-based cross-functional reporting program is the blended dataset: a published
Prism object that joins financial transactional or budgetary data with HCM workforce data at a common organizational
grain. This section presents a reference integration model consisting of source datasets, join logic, and the resulting
blended output.

7.1 Source Dataset Inventory

Table 7 lists a representative source dataset inventory required to build the composite labor-cost-to-budget blended
dataset described in Section 8.

Table 7. Representative source dataset inventory for a Financials-HCM blended Prism dataset.
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Approx. Row
Dataset Source Update Cadence Volume
(Illustrative)
Worker Snapshot | \vorkday HCM data | Worker x Position x Daily 50,000 - 500,000
source Period
Position Budget | \vorkday Financials | Position x Cost Monthly 20,000 - 200,000
data source Center x Period
. . Journal Line x
. . Workday Financials . 500,000 -
Journal Line Detail data source Led.ger Account x Daily 10,000,000
Period
Compensation Workday HCM data Worker x
p Y Compensation Monthly 40,000 - 400,000
Detail source .
Component x Period
Cost Center Workday Financials | Cost Center x
Hierarchy data source Parent Hierarchy R 1,000 - 10,000
External Benchmark Flat file Job Profile x Market
(compensation . Annual 5,000 - 50,000
Survey x Percentile
survey vendor)
. Flat file (pre- Ledger Account x C 1,000,000 -
Legacy GL History | o ation archive) | Period Static (historical) | 555909

7.2 Join Key Strategy
Table 8 documents the join key strategy connecting each source dataset pairing, along with the join type and the
primary risk associated with each join.
Table 8. Join key strateg

or the Financials-HCM blended dataset model.

Dataset A Dataset B Join Key(s) Primary Risk
Worker Snapshot Position Budget Position ID, Period Left join Vgcant positions
with no worker row
Compensation Mid-period
Worker Snapshot De taﬁ Worker ID, Period Inner join compensation
changes
Hierarchy
Position Budget C(.)St Salios Cost Center ID Inner join reorganization mid-
Hierarchy .
period
Worktag
Journal Line Detail C(.)St Center Cost Center ID Inner join inconsistency across
Hierarchy .
periods
Compensatlon External Benchmark Job Profile, Market Lo i Job profile mapping
Detail Survey mismatches
Ledeer Account Chart-of-accounts
Journal Line Detail | Legacy GL History Peri% d ’ Union (append) mapping differences
pre/post migration

The vacant-position risk identified in Table 8 is particularly consequential for headcount-to-budget reporting: a left
join from Position Budget to Worker Snapshot preserves budgeted-but-unfilled positions in the blended output, which
is required for vacancy and requisition-aging analysis but must be handled carefully in downstream calculated fields
to avoid null-worker errors propagating into dashboard visualizations.

7.3 Reference Blending Pipeline

Figure 1 (described narratively, as this document is text-based) represents the blending pipeline as a sequence of five
stages: (1) raw ingestion of the seven source datasets in Table 7; (2) conformance transforms that standardize date

IJETRM | https://ijetrm.com [202] © Author(s) | CC BY 4.0 International License.


https://ijetrm.com/
https://ijetrm.com/

Volume-05 Issues 08, August-2021 ISSN: 2456-9348 (Online)

SJIF Impact Factor: 5.004

IJETRM

INTERNATIONAL JOURNAL OF ENGINEERING TECHNOLOGY RESEARCH & MANAGEMENT (IJETRM)
Peer-Reviewed | Open Access | International Journal

https://ijetrm.com/

grain, currency, and organizational hierarchy level across sources; (3) the join sequence documented in Table 8; (4)
calculated-field derivation of blended metrics (see Section 8); and (5) publication of one or more analysis-ready
datasets scoped to specific reporting audiences (e.g., an FP&A-facing dataset and a HR-business-partner-facing

dataset drawn from the same underlying blend but exposed with different security scopes).

Pipeline Stage

Table 9. Reference blending pipeline sta

Typical Duration

(Ilustrative)

ges, illustrative durations, and validation checkpoints.

Owner

Validation Check

Raw Ingestion 15 - 455 mftotes (i) IT/HRIS Data Row count reconciliation
Engineering Vs. source
Conformance Transform 10 - 30 minutes Prism Data Analyst Date grain apd currency
standardization audit

Join Sequence 5 - 20 minutes Prism Data Analyst ke et

q y (no unintended fan-out)

. Spot-check against

Cal(.:ulajced Field 5 - 15 minutes Reporting COE manual calculation
Derivation

sample

Dataset Publication

2 - 10 minutes

Prism Administrator

Security domain mapping
verification

8. Composite KPI Design for Blended Reporting
Once a blended dataset is published, the analytical value of the Prism investment is realized through the composite
key-performance-indicators exposed to finance and HR stakeholders. This section documents a representative KPI
catalog, the source fields each KPI draws from, and the calculation logic.

Table 10. Representative composite KPI catalo,

‘ Formula (Conceptual)

Primary Consumer

‘or blended Financials-HCM Prism reporting.

Reporting Cadence

0,
Labor Cost as % of Fully Loaded Labor Cost / CFO, FP&A Monthly
Revenue Total Revenue
Cost-per-Hire (Budget- T(?tal Recrultlng Cost/ Talent Acquisition,
. Hires, indexed to budget . Quarterly
Normalized) . Finance
variance
Headcount-to-Spend GG . HRBP, Cost Center
. Departmental Operating Monthly
Ratio Owners
Spend
Budgeted Position Dollars .
Vacancy Cost Exposure for Open Requisitions FP&A, Talent Acquisition Monthly
Actual Overtime Cost - Operations Finance
Overtime Cost Variance Budgeted Overtime p ’ Bi-weekly
HRBP
Allowance
Contingent Labor Cost Contingent Labor Spend / .
Ratio Total Labor Spend Procurement, Finance Monthly
Compensation Internal Compensation /
pens: External Benchmark Compensation, Finance Annual
Competitiveness Index .
Percentile
Estimated Replacement
Attrition Cost Impact Cost x Voluntary Attrition | HR Leadership, Finance Quarterly
Count
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8.1 Illustrative KPI Output: Headcount-to-Spend Ratio by Cost Center
Table 11 presents an illustrative output extract of the Headcount-to-Spend Ratio KPI, as it would appear in a Prism-
published dashboard dataset, disaggregated by cost center. Figures are illustrative and do not represent actual
organizational data.

Table 11. Illustrative headcount-to-spend ratio by cost center, blended Financials-HCM dataset output.

YTD Operating
Cost Center Active Headcount Budgeted Spend (USD, Headcount-.t 0
Headcount Spend Ratio
thousands)
CC-1001 Sales Ops 42 45 $3,180 0.0132
CC-1050 Customer 63 70 $4.920 0.0138
Success
CC_.ZOIO. 134 140 $18,760 0.0071
Engineering
CC-2050 Product 29 30 $3,410 0.0085
Management
CC-3005 Finance 22 24 $2,640 0.0083
¢C-3010 Human 18 18 $1,980 0.0091
Resources
CC-4001 Marketing 37 40 $5,120 0.0072

8.2 Illustrative KPI Output: Labor Cost as Percentage of Revenue by Business Unit

Table 12. Illustrative labor cost as percenta

Fully Loaded

ge of revenue, by business unit, blended dataset output.

o . _.

Business Unit Labor Cost (USD, Revenue (USD, Labor Cost % of Prior .Pel iod
thousands) Revenue Variance
thousands)

IOl SIS $21.400 $96,500 22.2% 6

Commercial

EMEA Commercial $14,850 $58,200 25.5% +0.4 pp

APAC Commercial $9,320 $41,700 22.3% -0.2 pp

Global Product & $28,600 N/A (cost center) N/A N/A

Engineering

Corporate G&A $11,150 N/A (cost center) N/A N/A

The N/A entries in Table 12 reflect a common analytical nuance: cost-center-only business functions (such as Product
& Engineering or Corporate G&A in a professional-services or product organization) do not have a directly
attributable revenue figure, and the blended dataset must therefore expose a null or flagged value rather than a
misleading zero or an erroneously allocated revenue figure. This nuance is a frequent source of downstream dashboard
misinterpretation if not explicitly documented in the metric dictionary (see Section 5.1).

9. Case Profiles and Comparative Qutcomes

This section presents three composite organizational case profiles - small (under 2,500 employees), mid-market (2,500
- 10,000 employees), and large enterprise (over 10,000 employees) - constructed as representative composites
reflecting commonly reported implementation patterns in the cited literature (Deloitte, 2019; PwC, 2020; Accenture,
2020). Each profile is summarized structurally in Table 13, with narrative discussion following.

Table 13. Comparative structural summary of three composite organizational case profiles.
Small Organization

Attribute Mid-Market Profile Large Enterprise Profile

Profile
Approx. Employee Count 1,200 6,500 42,000
. . . . . Financials, HCM, Payroll,
Workday Modules Live Financials, HCM Financials, HCM, Payroll
Procurement
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. . . Board-level labor cost FP&A headcount Multi-entity global
Prism Adoption Driver R . workforce cost
visibility planning cycle .

consolidation

Number of Blended
+
Datasets (Year 1) 2 6 15
Primary Consumin Corporate FP&A,
1y & Executive team FP&A and HRBP regional HRBPs, Total

Function

Rewards
Illustrative Reporting 0 o 0
Cycle-Time Reduction 40% 33% 60%
st M= o= Hi 4 - 6 weeks 8 - 12 weeks 16 - 24 weeks
Dataset

9.1 Small Organization Profile

In the small-organization profile, the Prism initiative was driven by a board-level request for a single consolidated
labor-cost trend view, previously produced through a manually reconciled spreadsheet process requiring
approximately two to three days of Finance and HR staff time per month. A single blended dataset joining Worker
Snapshot, Position Budget, and Journal Line Detail (per Table 7) was sufficient to satisfy the initial requirement, with
a second dataset added within the first year to support departmental headcount-to-spend reporting (Table 11). The
organization's relatively simple single-entity structure and limited number of cost centers reduced the governance
burden associated with Section 10, allowing a compressed implementation timeline.

9.2 Mid-Market Profile

The mid-market profile centered its Prism adoption on the FP&A annual and quarterly headcount planning cycle,
which previously depended on HR-maintained spreadsheets manually reconciled against Financials budget exports.
Six blended datasets were published in the first year, including the composite datasets described in Sections 7 and 8,
and a dedicated Human Resources Business Partner (HRBP)-facing dataset scoped with row-level security limiting
each HRBP to their assigned Supervisory Organizations. The mid-market profile is notable for having formalized a
cross-functional Reporting Center of Excellence (COE) spanning Finance and HR data analysts specifically to own
dataset maintenance, which the case literature identifies as a common maturity milestone for organizations of this size
(Accenture, 2020).

9.3 Large Enterprise Profile

The large-enterprise profile reflects a global, multi-entity organization for which the primary driver was workforce
cost consolidation across regional ledgers and currencies. This profile required the most extensive Align-stage work
(Section 5), given the number of regional HR and Finance stakeholder groups involved in reconciling metric
definitions, and the most complex governance model (Section 10), given the number of distinct security domains that
needed to be respected in blended-dataset row-level security. Fifteen or more blended datasets were in production by
the end of the first year, organized under a tiered dataset architecture in which a small number of "foundational"
blended datasets fed a larger number of function-specific downstream datasets, an architectural pattern discussed
further in Section 13.

Table 14. Key success factors, risks, and mitigation approaches observed across the three case profiles.

Primary
Case Profile Key Success Factor Implementation Risk Mitigation Approach
Observed
gl O saaion Executive sponsorship Limited dedicated data- Engaged implementation
and simple org structure analyst capacity partner for initial build

Row-level security piloted
with single region before
rollout

Formal cross-functional HRBP security scoping

Mid-Market Reporting COE complexity
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Tiered foundational-to- . .. Extended Align-stage

. ) . Metric definition o,

Large Enterprise function-specific dataset : . governance council with
. divergence across regions . .

architecture regional representation

10. Security, Governance, and Data Stewardship

Because Prism blends data from domains that are independently secured under native Workday security policy - most

notably Human Resources domains such as Compensation and Job Profile, which are typically restricted well below

the visibility granted to general Financials reporting - a blended dataset introduces the risk of inadvertent security

downgrade: a user who could not natively view individual compensation detail could potentially infer or directly view

that data through a blended dataset if security mapping is not deliberately configured (Workday, Inc., 2020b).

10.1 Security Domain Mapping

Table 15 presents a representative security domain mapping exercise, cataloging the native Workday security domains

relevant to the source datasets in Table 7 and documenting the recommended security treatment when those fields are

incorporated into a blended Prism dataset.

Table 15. Security domain mapping and recommended treatment for source fields in blended datasets.

Recommended Blended-
Dataset Treatment

Source Field/Object Native Security Domain Sensitivity

Restrict to Compensation-
Base Compensation . . authorized security group;
Amount SO L8z exclude from broadly
shared datasets
Job Profile Staffing Moderate Inclgde;. low incremental
sensitivity
. . Exclude from Financials-
Performance Rating Talent - Performance High st Hoded dassis
Restrict to budget-
Cost Center Budget . . authorized roles;
Amount Financials - Budget Moderate permissible for IRBP
with cost center scope
Journal Line Detail Financials - Accountin, Moderate LG RIS
& authorized HRBP roles
Exclude entirely from
Worker Personal . analytical blended
Information Personal Data High datasets; use worker ID
only
Include; scope by
Requisition Detail Recruiting Low-Moderate recruiting region if
applicable

10.2 Row-Level Security Design Pattern

A recurring governance requirement is scoping a blended dataset so that each HR Business Partner sees only their

assigned Supervisory Organizations, and each Cost Center Manager sees only their assigned cost centers, while a

corporate FP&A or executive role sees the full consolidated view. Prism supports this pattern through row-level

security filters that reference existing Workday security group membership, avoiding the need to duplicate security

logic outside the Workday tenant. Table 16 documents a representative row-level security matrix.

Table 16. Representative row-level security matrix for blended Financials-HCM Prism datasets.

Refresh/Review
Frequency

Consuming Role Dataset Scope Security Mechanism
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HR Business Partner

Assigned Supervisory
Organization(s) only

Row-level filter mapped
to Supervisory Org
security group

Quarterly access review

Cost Center Manager

Assigned Cost Center(s)
only

Row-level filter mapped
to Cost Center role
assignment

Quarterly access review

Regional FP&A Analyst

Assigned region/entity

Row-level filter mapped
to region worktag

Semi-annual access
review

Corporate FP&A

Full consolidated view

Domain security group:
Corporate Finance

Annual access review

Executive Leadership

Full consolidated,
summarized view only
(no worker-level detail)

Dataset variant with
aggregation-only grain

Annual access review

10.3 Data Stewardship and Change Control

Beyond access security, sustained data quality in a blended reporting program requires an explicit stewardship model
addressing dataset ownership, refresh monitoring, and change control when source business processes evolve (e.g., a
cost center hierarchy reorganization or a change to the compensation package structure). Organizations across the
three case profiles in Section 9 converged on a similar structural pattern: a named data steward per blended dataset, a
documented refresh SLA, and a change advisory step requiring Finance and HR sign-off before altering shared join

logic or metric definitions.

Table 17. Recommended governance artifacts

Governance Artifact

Metric Dictionary

Purpose
Single source of truth for
cross-functional metric
definitions

or a sustained Prism cross-functional reportin
Recommended Owner

Reporting Center of
Excellence

program.

Review Cadence

Semi-annual

Tracks scheduled vs.

resolution

Dataset Refresh SLA Log | actual dataset refresh Prism Administrator Weekly monitoring
completion

Security Domain i e . L

" g sensitivity and access Security Administration Quarterly

Mapping Register
treatment
Records approved

Change Advisory Log changes to shared join Governance Council Per change event
logic/definitions

. . Tracks reconciliation
Ej;a Qeltiyy  eggiton breaks and root-cause Data Steward(s) Monthly

11. Performance, Scalability, and Processing Benchmarks

Because Prism's processing engine is decoupled from the primary Workday transactional database, dataset size and
transformation complexity scale differently than in native Workday reporting. This section summarizes illustrative
performance characteristics drawn from vendor architectural documentation and industry implementation
commentary (Workday, Inc., 2019; Workday, Inc., 2020a; Forrester, 2019).
Table 18. lllustrative Prism ingestion and transformation processing time by dataset volume band.
Ilustrative Transform
Time (Moderate
Complexity)
2 - 5 minutes
5 - 15 minutes

Recommended Refresh
Cadence

Dataset Row Volume
Band

Under 100,000 rows
100,000 - 1,000,000 rows

Ilustrative Ingestion

Time

Daily or intraday
Daily

1 - 3 minutes
3 - 10 minutes
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1,000,000 - 10,000,000
rows

Over 10,000,000 rows

10 - 30 minutes 15 - 45 minutes Daily or overnight batch

45+ minutes (recommend
incremental design)

Overnight batch with

30+ minutes .
incremental refresh

For the highest-volume band, industry implementation guidance consistently recommends incremental (delta) refresh
design over full-dataset reprocessing, particularly for high-frequency financial transaction data such as Journal Line
Detail, where full reprocessing at large enterprise scale can approach or exceed batch-window constraints (Workday,
Inc., 2020a; Forrester, 2019).
11.1 Adoption Benchmarks
Table 19 compiles illustrative adoption benchmark ranges reported across consulting-firm implementation surveys,

contextualizing the case-profile figures presented in Section 9.

Table 19. Illustrative Prism adoption benchmark ran

Benchmark Metric

Reported Range

es compiled from industry implementation literature.

Reported Range (Large

(Small/Mid-Market) Enterprise)

Source Basis

in Production (Year 1)

Time to First Published Deloitte, 2019; PwC,
Dataset 4 - 12 weeks 12 - 24 weeks 2020
Cross-Functional Datasets 2.6 8 - 20+ Accenture, 2020

Reporting Cycle-Time
Reduction

35% - 55%

45% - 65%

PwC, 2020; Bersin, 2018

Dedicated Prism Analyst
FTE Allocation

0.25-0.5FTE

1-3+FTE

Accenture, 2020

12. Implementation Challenges and Limitations
Across the case profiles and literature reviewed, several recurring implementation challenges emerge. This section
catalogs the most frequently reported issues and their characteristic root causes.

Table 20. Recurrin

Challenge

Characteristic Root

Downstream Impact

implementation challenges, root causes, and resolution approaches.

Typical Resolution

Metric definition
mismatch between
Finance and HR

Cause
Independent historical
reporting practices, no
shared dictionary

Stakeholder distrust of
blended dataset output

Approach
Formal Align-stage
governance exercise
(Section 5.1)

Join cardinality errors
(unintended row fan-out)

One-to-many
relationships not
accounted for in join
design

Inflated cost or headcount
totals

Join cardinality validation
checkpoint (Table 9)

Security downgrade risk

Blended dataset exposes
restricted fields to broader
audience

Compliance and data-
privacy exposure

Security domain mapping
exercise (Section 10.1)

Refresh SLA breaches at
scale

Full-dataset reprocessing
on high-volume
transactional sources

Stale data in executive
dashboards

Incremental/delta refresh
design (Section 11)

Dataset sprawl without
ownership

Ad hoc dataset creation
without governance gate

Duplicate/conflicting
datasets, maintenance
burden

Tiered dataset architecture
and steward assignment
(Section 13)

Organizational hierarchy
change breaking historical
joins

Cost center or
Supervisory Organization
reorganization mid-period

Broken trend continuity
across reorganization
boundary

Point-in-time hierarchy
snapshot retained in
dataset design
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Cross-training
Finance/HR analysts on
Prism data preparation

Prism scripting/transform
logic treated as IT-only
skill

Bottleneck on Reporting
COE or IT for all changes

Underinvestment in data-
analyst skill development

The organizational-hierarchy-change challenge merits particular emphasis for Financials-HCM blending specifically,

because both Cost Center hierarchies and Supervisory Organization hierarchies are subject to periodic reorganization,

and a blended dataset that joins on current-state hierarchy alone will silently misattribute historical periods to the
current organizational structure unless the dataset design explicitly retains a point-in-time hierarchy snapshot for each
historical period represented in the data (Workday, Inc., 2020a).

13. Recommendations and Best Practices

Synthesizing the framework, case profiles, and challenge catalog presented above, this section consolidates a set of

recommended best practices for organizations planning or maturing a Prism-based cross-functional reporting program.

e Establish the cross-functional metric dictionary before beginning technical dataset construction, with explicit
sign-off from both Finance and HR stakeholder groups.

e Adopt a tiered dataset architecture in which a small number of foundational blended datasets (e.g., a single
canonical Worker-to-Cost-Center-to-Budget join) feed multiple downstream, function-specific published
datasets, rather than constructing independent point-to-point blends for each reporting request.

e Perform an explicit security domain mapping exercise for every source field prior to first publication of a
blended dataset, documenting the sensitivity classification and access treatment in a governance register.

e Design row-level security using existing Workday security group membership rather than duplicating access
logic in the Prism layer, to preserve a single source of security truth.

e Favor incremental/delta refresh design for any source dataset exceeding approximately one million rows,
particularly high-frequency financial transaction data.

e Retain point-in-time organizational hierarchy snapshots within blended datasets to preserve historical trend
accuracy across reorganization events.

e Assign a named data steward and a documented refresh SLA to every published blended dataset, and review
both on a regular governance cadence.

e Invest in cross-training Finance and HR analysts on Prism data-preparation skills to avoid concentrating all
blending capability within a single IT team, which becomes a bottleneck as dataset demand grows.

Table 21. Prioritized best-practice summary mapped to the AIBG framework stage.

Implementation Phase (AIBG

Best Practice Priority
Stage)

Cross-functional metric dictionary Align Critical
Tiered dataset architecture Blend High
Security domain mapping register Govern Critical
Row--level security via native Govern Critical
security groups
Incremental/delta refresh design Ingest / Blend High
Point-in-time hierarchy snapshots Blend High
gﬁled data steward and refresh Govern st T
Cross-training Finance/HR analysts | Govern (ongoing) Medium

14. Future Research Directions

Several avenues merit further research beyond the scope of this article. First, quantitative empirical study - based on
structured surveys or anonymized telemetry across a larger sample of Workday customers - would strengthen the
illustrative benchmark figures presented in Section 11 with statistically grounded estimates. Second, comparative
research examining Prism Analytics against embedded analytics offerings in competing unified-suite ERP platforms
(e.g., Oracle Cloud HCM/ERP, SAP SuccessFactors with SAP Analytics Cloud) would help organizations evaluating
platform choice specifically for cross-functional reporting capability. Third, as machine-learning-assisted data
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preparation capabilities mature across the embedded analytics category, research into automated join-key discovery
and anomaly detection within blended Financials-HCM datasets could reduce the manual governance burden
documented in Section 10. Finally, longitudinal case study research tracking a single organization's Prism program
maturity over multiple years would provide richer insight into how governance models documented in this article
evolve as dataset counts and consuming-audience diversity grow.

15. Conclusion

This article has presented a structured framework - Align, Ingest, Blend, Govern - for applying Workday Prism
Analytics to the persistent enterprise challenge of cross-functional reporting between Financials and Human Capital
Management. The analysis indicates that Prism's architectural position inside the Workday security perimeter offers a
meaningful advantage over externalized business-intelligence approaches for this specific reporting problem,
principally because blended datasets can inherit and extend native Workday security domains rather than requiring a
parallel security model. At the same time, the case profiles and challenge catalog presented in Sections 9 and 12
demonstrate that the primary obstacles to successful cross-functional reporting are more often organizational and
governance-related - metric definition alignment, security domain mapping discipline, and dataset ownership - than
purely technical. Organizations that invest deliberately in the Align and Govern stages of the framework, in addition
to the technical Ingest and Blend work, are best positioned to realize the reporting cycle-time and data-trust
improvements documented across the small, mid-market, and large-enterprise profiles examined in this study. As
Workday continues to expand Prism Analytics capability, and as comparative platforms mature similar embedded
analytics offerings, continued independent research into implementation patterns, governance models, and
comparative performance will remain valuable to practitioners planning or maturing cross-functional reporting
programs.

Appendix A: Glossary of Terms

Table A-1. Glossary of key terms used throughout this article.

Definition

A structured data entity within Workday's Object
Business Object Management System (e.g., Worker, Cost Center,
Journal Line).

A Workday report type that nests sub-reports to
Composite Report combine data from multiple sources within native
reporting.

A discrete transformation step within a Prism data
Data Change (Prism) preparation flow (filter, join, calculate, aggregate,
pivot).

A Workday visual data-exploration surface that can
consume Prism-published datasets.

The Workday mechanism defining which security
Domain Security Policy groups may view or edit a given security domain of
data.

A Workday integration tool used to load or extract data
via template-based file transformations.

Total compensation cost inclusive of base pay, bonus,
benefits load, and applicable overhead allocation.
The level of detail at which each row of a dataset is
defined (e.g., Worker x Position x Period).
Workday's underlying data model architecture
representing all business concepts as related objects.
A finalized Prism dataset made available to Workday's
reporting framework for consumption.

Discovery Board

EIB (Enterprise Interface Builder)

Fully Loaded Labor Cost

Grain

Object Management System (OMS)

Published Dataset
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A security technique restricting which rows of a dataset
a given user or role may view, based on defined
attributes.

The Workday HCM organizational unit representing a
management reporting line, used to group workers and
positions.

A Workday Financials tagging mechanism (e.g., Cost
Center, Project, Fund) used to classify financial
transactions for reporting.

Row-Level Security

Supervisory Organization

Worktag

Appendix B: Supplementary Data Tables

This appendix provides additional illustrative data tables supporting the analysis in the main body of the article,
including an extended dataset field dictionary and a consolidated project-timeline summary across the three case
profiles.

B.1 Extended Blended Dataset Field Dictionary

Table B-1. Extended field dictionar

or the reference blended Financials-HCM dataset.

Field Name Source Dataset Data Type Description
worker id Worker Snapshot Text (ID) 'Umql'le WO i
- identifier.
e Worker Snapshot / Unlqge W(.)rlfday position
position_id o Text (ID) identifier; join key to
Position Budget
budget.
. Position Budget / Journal Cost center worktag
e Camar 1 Line Detail Text (ID) identifier.
Reporting period end
period end date All source datasets Date date; conformed across
sources.
fully loaded cost amoun | Compensation Detail N
- - = . Currency load + overhead
t (derived) .
allocation.
budgeted position_amoun Position Budget Currency Approved bgdget dpllars
t for the position/period.
. Derived (Position Budget Bor: Wheq no active
is_vacant flag . Boolean worker is joined to the
left join) ..
budgeted position.
. . Worker Snapshot / Job profile classification
job_profile_id Compensation Detail Text (ID) identifier.
Supervisory organization
supervisory _org_id Worker Snapshot Text (ID) identifier for row-level
security scoping.
. External Benchmark . Market .compensatlon .
benchmark percentile Numeric percentile associated with
Survey :
job profile/market.

B.2 Consolidated Case Profile Timeline Summary
Table B-2. Consolidated illustrative implementation timeline summary across the three composite case profiles.
Small Organization

Milestone

(Weeks)

Mid-Market (Weeks)

Large Enterprise
(Weeks)

Align: Metric dictionary
finalized

1-2

8-12
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Ingest: Source datasets
validated

10-16

Blend: First dataset
published

16 - 24

Govern:
Security/governance
register complete

18 -26

Steady-state: Additional
datasets per quarter

B.3 Illustrative Data Quality Exception Categories

Table B-3. Illustrative data

Exception Category

quality exception categories observed in blended Prism dataset operations.

Ilustrative Frequency

Typical Detection

Typical Root Cause

(per Refresh Cycle) Method
Wi ol Ly (e Low-Moderate Row count reconciliation SQurce system timing
row) mismatch
Duplicate row from join Low Cardinality validation Unantlclpa.ted ope-to—
fan-out many relationship
iy s Low Conformance transform Multl—@ntlty source data
audit inconsistency
Stale reference data (e.g., Scheduled hierarchy Hierarchy change not yet
. Moderate
hierarchy) refresh check propagated
Security domain mapping Low Pt movEmames au New ﬁeld afided without
gap security review
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